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Overview / Topics
IKS centers & courses

1. Corpora & NLP
➢ Danish, English, German, American Studies

2. Corpus studies: e.g. Hatespeech, emojis
➢ Middle East and Muslim Studies

3. Word embeddings: Measuring stereotypes
➢ Culture & Technology

4. Distant reading: Danish literature
➢ e.g. H.C. Andersen, Pontoppidan, Comparative Literature

5. Gender studies
➢ Gender & Diversity, Uses of Literature

6. Corporate image profiling: Sustainability
➢ International Business Communication

7. Brand stereotypes: gender & age
➢ Business, Language and Culture



  

Part 1: Corpora & NLP
1. Why Corpora?

– Corpora are curated collections of language data (written, spoken, multimodal) addressing a specific set of sources, 
languages or genres

– Corpora allow the extraction of structured and statistical knowledge and serve various purposes such as research, 
development or teaching

– Corpora may be enriched with linguistic or extra-linguistic (meta-) information

2. Why NLP?
– Getting knowledge out of language data (corpora) is not like reading a book
– 1 billion word corpus = 10,000 books = 300 m of bookshelves = a lifetime of reading
– you need quantitative methods (informed statistics)

● optimally allowing targeted qualitative inspection
– you need to be able to finde patterns and structures
– you need to separate information from “noise”

3. Linguistic processing (NLP)
– determines what you can do with a corpus and how easy it will be
– Compilation: corpus cleaning, meta data
– Annotation: Linguistic category tagging and structural analysis
– Task specific markers

● e.g. sentiment markers, metaphor markers, task-specific ontologies



Annotation methods
● Manual (for small specialized corpora and/or special features)

● e.g. multimodal corpora with video, dialects, prosodics
● semantic training data: e.g. sentiment analysis, hatespeech

● Rule-based: 
● exploiting context, linguistic knowledge (lexica, grammars)
● generative: HPSG, LFG
● analytic/reductionist: Constraint Grammar (CG)

– transparency, traceable errors, genre-adaptable, interpretable
● Machine-learning

● e.g. HMM-taggers, MALT-parser, LLM transformers and other neural network 
architechtures capturing semantics through word embedding

● growing context awareness (sentence/text embeddings)
● predictive power
● need for training data, issues with small or under-resourced languages



  

Constraint Grammar (CG) 

(a) Wordform - can be a multi-word expression (MWE) 

(b) Lemma - e.g. ‘sei, sabe, sabia, soube, souber’ etc. -> ‘saber’ [know, get to know] 

(c) POS - e.g. Noun, Verb, ADJektive, ADVerb, DETerminer) 

(d) Inflection - e.g. PResent, NOMinative, Singular 

(e) Syntactic function - e.g. @SUBJekt, @ADVerbiaL 

(f) Secondary categories - e.g. <mv> main verb, <dem> demonstrative 

(g) Semantic categories - e.g. <party>, <H...> person, <Q-> negative polarization)

(h) Dependency tag - e.g #2->5 (token 2 attaches to head token 5)

(i) Frames and semantic roles - e.g. <FN:attack>, §AG, §DES

(j) Long-distance relations: Anaphora, discourse structure, speaker attribution, e.g. 

SOURCE, SPEAKER (IE verification, false news ...)

(k) Informational structure: Cast extraction, e.g. spouse_of, child_of, syn_name, soc.role



CG: who & what?

Machinese parsers
News feed and relevance filtering
Opinion mining in blogs
Science publication monitoring

Machine translation
Spell- and Grammar checking
Corpus annotation
Relational dictionaries: DeepDict

VISL grammar games:

Annotated 
corpora:
CorpusEyeNER



DanGram
GerGram

Preprocessing
cleaning, ocr, spelling

tokenization

Morphological analysis
CG-disambiguation

PoS/morph

CG-syntax

semantic class
names

PSG 
grammar

Dependency
grammar

Treebanks

CG corpora

Core lexicon
da: 160,000 lexemes
de: 750,000 lexemes

Valency potential
e.g. transitivity

Semantic prototypes
name lexicon

Raw text

Framenet
13,000 verbs

verb frames
case rolesSemantic

corpora
anaphora CG

discourse structure
Cast extraction

Speaker attribution



  

Danish sentence parse

I you [I] PERS 2P NOM @SUBJ> §COG #1->2 

ved know [vide] <fn:know> <mv> V PR AKT @FS-STA #2->0 

intet nothing [intet] <quant> INDP NEU S @<ACC §SOA #3->2 

om about [om] PRP @<PIV #4->2 

$, , [,] PU @PU #5->0 

hvordan how [hvordan] <interr> <amod> ADV @ADVL> #6->10 

kvinder women [kvinde] <fem> <H> N UTR P IDF NOM @SUBJ> §AG #7->10 

i in [i] PRP @N< #8->7 

Mjølnerparken Mjølner Park  [Mjølnerparken] <top> <Lh> PROP NOM @P< §LOC #9->8 

opdrager bring up [opdrage] <fn:teach> <mv> V PR AKT @FS-P< §TP #10->4 

deres their [de] <poss> PERS 3P GEN @>N #11->12 

børn children [barn] <Hbio> N NEU P IDF NOM @<ACC §PAT #12->10 

$, , [,] PU @PU #13->0 

lorteracister fucking racists [lorteracist] <N:lort~e+racist> <Hideo> N UTR P IDF NOM @VOK #14->10 



  

Parse tree 
example

You

nothing

how

about

educate

children ,             fucking racists

Mjølner Park

know

women

in
their



Annotation: semantics
 semantic POS subclasses

 adverbs: <atemp>, <aloc>, <adir>, <aquant> ....
 pronouns: <rel>, <interr>, <dem>, <refl>, <quant> ...

 semantic prototypes
 nouns: ~200 types: <Hprof>, <Vair>, <tool-shoot> ...

• atomic feature bundles: ±hum, ±anim, ±move, ±loc ...
 adjectives: <jnat> <jpsych> <jcol> <jshape> <jgeo> ...

 semantic roles
 15 core roles: §AG, §PAT, §TH, §REC, §COG ...
 35 “adverbial” and meta-roles: §DIR, §DES ....

 Framenet
 ~ 500 different verb frames, covering 9-14,000 verb lemmas



  

Dependency trees with semantics
organisiert

Gesundheitsministerium

Das Workshop

für

Angestellten

seine

LOC

EV

BEN

Fest

in
Gebäude

seinem eigeneneinen

ein
und

AG
The Ministry of 
Health

a program and a party

for its empolyees

in their own building

will organize
<fn:run_obj>

<inst><inst>

<occ>

<build>

<Hprof>



contextual rule examples
 select POS=noun, if there is an article to the left
 uniqueness principle

 select a finite verb reading if there is no other finite verb candidate 
without a comma or coordinator in between

 same for subjects, objects and other bound complements: only 1 per 
clause

 category variable unification
 choose gender and number in an np depending on the gender and 

number of its head
 disambiguate for same semantic class in co-ordinated nouns, lists etc.

 exploit verb frames
 choose subject and agent role for an np left of a verb belonging to the 

“attack” or “build” frames.



  

Semantic disambiguation: Frames
● <fn:leave> stikke af (to run off)
● <fn:give> stikke ngn ngt [en øl eller en løgn] (give sth to sb)
● <fn:reveal&identify> stikke ngn [angive] (inform about sb)
● <fn:poke> stikke ngn [fx bi eller kniv]  (sting sb, stab sb)
● <fn:vanquish> stikke et kort [trumfe] (trump sth)

Frame templates & dependency slot fillers
<FN:give/S§DON'H/D§REC'H/O§TH'cc>

→ triggered by ditransitive valency and a dative object / receiver role (§REC)

<FN:poke/S§AG'H|A/O§PAT'H>

→ triggered by e.g. an animal subject or a human (monotransitive) object

   Preparations: Use semantic rather than syntactic depencies
   Mark transparent nouns: 

e.g. en slags x, en masse x, et glas x, en af x’erne, størsteparten af x’erne



  

Parser performance (GerGram)

Recall
%

Precision
%

F1
%

POS (coarse) 98.54 98.54 98.54

POS 
+ inflection + lemma

96.94 96.94 96.94

Syntactic function 93.55 93.60 93.58

Dependency links 94.18 94.18 94.18

LAS (synt. + dep.) 92.02 92.08 92.05

All errors 91.32 91.38 91.35



  

Part 2: 
Corpus studies & Hatespeech

● (a) Danish literature corpus (Gutenberg, Royal Library)
– ca. 510 novels and short stories, mostly 1800-1940 

● (b) Information, newspaper corpus
– ca. 92 million words, 14,780 articles (1996-2008)

● (c) XPEROHS Social media corpus
– bilingual German – Danish
– Twitter (unabridged) & Facebook (seed pages)
– 3 billion words

● (d) Portuguese blog corpus (Santos, Woloszyn & Vieira)
– 2 billion words (2013-2018)

Examples taken from:



  

Search interface

● Literature
● News
● Internet
● Wikipedia
● Social Media



  

Sequential 
/ filtered 
search

Structural / 
dependency 
search



  

Sequential search (SQ): 
(1) "immigrant"-morpheme list (reg.ex.)

 --> (2) animal (A[a-z]+) & subject predicative (@SC)

direct: refugees are cockroaches

indirect: all men are pigs, 
unless they are refugees



  

CQP search language:
 

SQ = [word="(Flüchtling|Einwander|Ausländer|M[uo]slem|Islam).*"] expand to s; 
SQ; [extra="(?:.* )?A[a-z]+(?: .*)?" & func="(?:.* )?<?SC>?.*(?: .*)?"] 

indirect: ... are even bigger
 parasites than refugees

... a wild animal or a Muslim?
Or really both?



  

Mouse-over inspection

[lex="(indvandr|flygtning|udlænding|muslim|islam|arab).*"] SQ [lex="emo-angry.*"]



  

[word="(Flüchtling|Einwander|Ausländer|M[uo]slem|Islam).*" & func="<?SUBJ>*" & h_pos="V"]
In corpus: GER_TWITTER_20200306_A, Found 72303 results (72303)..

Muslims are terrorists

A foreigner has taken my job
(away from me)



  

"immigrant" reg.ex. + subject, dep-head = verb, not passive, frame = attack

foreigner attacks 19-year-old
(girl) from behind, pulls ...

(... takes 19-yr-old-she on ...)

Refugee attack refugee
(Refugee goes refugee after)

refugee [animal-] pack



  

Searching for 
typical attributes



  

searching variable, lexo-grammatically specified n-grams
ADJ @>N (prenominal) ADJ* (0 or more) N + "immigrant" reg.ex

simple concordance

completely veiled Swiss Muslim-she



  

Quantitative analysis / statistics



  

so-called
dangerous

male
evil

violent
liberal

immigrant
anti-semitic

fanatic

so-called
dangerous

dear
criminal

all
conservative

evil
only

anti-semitic
real
false

violent



  

Concept 
noun

associated Danish adjectives (translated)

indvandrer
[immigrant]

FB: non-Western, criminal, illegal, Western, muslim, 
unintegrated
TW: non-Western, illegal, arbejdsløs, Western, 
muslim, criminal
tyvagtig [stealing], hjernelam [braindead], pædofil 
[pedophile], fucking, satans [damned]

flygtning
[refugee]

FB: so-called, Syrian, economical, real, criminel, 
muslim, Palestinian
TW: Syrian, Palestinian, vulnerable, greedy, new, so-
called, under-age
fucking

udlænding
[foreigner]

FB: criminal, well-educated, "hardened" 
(aggressive), unintegrated, so-called, resident, non-
Muslim
TW: criminal, well-educated, homeless, mediocre, 
well-paid, non-Western
satans [damned], fucking, fæl, væmmelig 
[disgusting], forpulet [goddamn], morderisk 
[murderous]

muslim
[Muslim]

FB: strict/orthodox, bad, dear, extremist, unprovable, 
non-Western
TW: religious, dear, moderate, secular, 
strict/orthodox, renegade
fucking, ulækker [disgusting], sindsyg [insane], 
forbandet, satans [damned], rådden [rotten], 
hjernedød [brain-dead], bindegal [raving mad]

Collocation search

ADJ + N

more & different (negative)
stereotypes for immigrant
and foreigner than for refugee.

distinct (negative) view on 
Muslim



  

n-grams --> inspection (quantitative-qualitative iterations)

dear Muslims
(very often direct address)

dear Muslims, if you 
feel offended by our 
good-heartedness ...



  

Searching for negative (Q-) attributes only dangerous
evil
violence-prone
anti-semitic
fanatic
militant
violent
anti-capitalist
fundamentalist
unmodern
uneducated
former
criminal
insane
intolerant
reactionary



  

Emoticons & emojis: 
Sentiment & (Non-) Literality



  

Emojis as markers for indirect HS

1. HS using key words such as ethnic slurs (e.g. nigger) and stereotypical attributes (terrorist, 
criminal) are easy to find / filter out, but indirect HS is more difficult (GermEval, Wiegand 
et al. 2018)

2. Emojis can compensate for missing key words (similar word embeddings, Pereira-
Kohatsu et al. 2019), e.g.:

(a) direct: Aber ja , holt noch mehr Musels nach Deutschland rein ...  😠
(But yes, go get even more Muslims to Germany)

(b) indirect: Rentner sammeln Flaschen und Flüchtlinge leben auf großem Fuß  😡🤛  
(Pensioners collect bottles, refugees live rich)

(c1) irony: Unsere fiese, unmenschliche Regierung ist einfach zu gemein zu den armen 
Flüchtlingen. :(  

(Our nasty, inhumane government is simply sooo mean to the poor refugees)

(c2) irony: Für die « Schutzsuchenden » gibt HH ca. 1 Milliarde pro Jahr aus .  Man muss 😏
halt Prioritäten setzen . 😏 

(For the "refuge-seekers" Hamburg spends 1 billion a year. Well, you need to have priorities) 

(c3) sarcasm: Die Asylanten sind fachkompetent, ganz lieb und es sind keine Kriminelle bzw. 
Terroristen mit dabei. Wurde uns so versprochen 😉 (The asylum-seekers are professionally 
educated, nice people. No criminals or terrorists among them. Or so we were promised.)



  

Irony, search-constrained: lemma = "emo-(skeptical|laugh).*"

How the state turns most refugees into immigrants

unaccompanied under-age refugees should shave more often ...



  

Irony, search-constrained: lemma = "emo-(skeptical|laugh).*"
+ ADJ-prenominal marked as Q+ sentiment

tolerant Islam: Indonesia threatens ...

Because decent refugees 
keep their family together

Just think about it - that places these honourable refugees on par with ISIS



  

Part 3: Word embedding & Stereotypes 
Similarity ranking and clustering

1. word embeddings are 
– data-based, machine-learned word vectors 
– in a high-dimensional contextual space, with coordinates computed from co-occuring words
– where the position of a word approximates its meaning, distribution and similarity to other words. 

2. we used word2vec & tensor flow software for modelling
– using not words, but lemmatized and POS-disambiguated corpus data
– CBOW for smaller subcorpora, Skipgram for the entire corpus 

3. usage examples:
– word similarity judgement
– synonym harvesting for further corpus searches

4. e.g. human noun similarity measures for German "Moslem" [Muslim]

5. > 0.8: Muslim [Muslim, spelling variation]
– > 0.6: Mohammedaner [Mohammedan], Muselman [Mussulman]

– Jude [Jew], Hindu
– > 0.5: Araber [Arab], Islamist [Islamist], Glaubensbruder [brother-in-faith], Salafist, Mufti, Alevit

– Konvertit [convert], Kuffar [AR:infidel]
– > 0.4: Schleiereule ["veil owl" (barn owl)], Marokkaner [Morrocan], Syrer [Syrian], Nafri [North-Afrikanslur], Bosnier [Bosnian], 

Dschihadist [jihadi], Serbe [Serb]
– Israeli, Vietnamese

6. Verb similarity for "Moslem"
– durchdrehen [loose it], anspucken [spit at sb.], verkloppen [beat up], randalieren [rioting], bespucken [spit at] (i20 skip)



  

vector similarities for top negative emojis:
what is worse: being muslim or an immigrant?

de > da 
slur

da > de 
slur

1. Vomiting emoji: schlecht [bad] 25.7, böse [evil] 27.8, kriminell [criminal] 43.3

2. Angry emoticon: schlecht [bad] 19.7, böse [evil] 24.8, kriminell [criminal] 26.5



Stereotype interpretation of word vectors
 x- & y-axis for measuring stereotype association strength

 polar/antonymic stereotype target for + or - values
 defined by individual word vectors or word vector bundles

 Examples:
 mand – kvinde [man – woman]
 ung – gammel [young -old]
 forurening; fossil – vedvarende; grøn; miljøvenlig [polution; fossil – 

renewable; green; environment-friendly]
 sad/angry/skeptical emojis (-) vs. happy/love emojis (+)

 scatter dot for potential stereotype items (word 1...50) computed 
as (x,y) with coordinates

 x=SIM(mand,word-1) – SIM(kvinde,word-1)
 y=SIM(ung,word-1) – SIM(gammel,word-1)



  

car brands: gender and exclusivity
<Vground> PROP 



  

Ground vehicles (all types): gender and exclusivity
<Vground> N 



  

Food: gender and health



  

Drink: gender and health

drinks, 
hvidvind, 
kaffe, kakao, 
latte, portvin, 
saft, mælk

shots, bajer, 
sake, vodka, 
mate, te, 
sprit, cola

most, te
morgenkaffe

sprut, spiritus



  

Gender stereotypes: associated adjectives
[sem=".*(?:^| )(jqual|jpsych|jemo|jskill|jpower|jsoc|jcog|jcom|jsem)(?: |$).*" & pos="ADJ"] 

compare for different 
authors, media, years 
or languages



  

Derogatives: Target group (gender / immigration)
sem = Hattr/Hideo & Q-

woman, girl man; boy

re
fu

ge
e

im
m

ig
ra

nt
, f

or
ei

gn
er

“weirdo”

“bum”

“robber”

“lier”

“thief”
“asshole
”

“fool”

“psycho”

“lowlife”

“enemy”

“climate nut”

“extremist”

“middle man”

“blondy”

“slur-arab”

“nigger”

“hypocrite”

“terrorist” “bandit”

“henchman”

“slur-clown”

“weakling”

“bitch” “fool”
“looser”

“conspirationist”

“idiot”

“nazi”
“neonazi”



  

Who are the foreigners and are they all criminal?
immi SQ sem = Hattr/Hideo/Hnat, refugee – immigrant, criminal - nice

classical 
refugees: 
friendly

religion/ideology 
= bad

immigrants:
criminal

Western & Asian:
harmless

muslim

udlænding
afrikaner

muslim
araber



  

Muslim in DK: clothing stereotypes
[sem=".*(?:^| )cloH.*(?: |$).*" & pos="N"] 



  

Muslim in DK: actions
[lex_lc="(muslim|islam|m[ou]ham+ed|mosk[eé]).*"] SQ [sem=".*(?:^| )act.*(?: |$).*"] 



  

Part 4: Distant reading

1. computational “overview” methods used for the 
interpretation of literary text or text collections

2. prepare focused inspection

3. compare authors, works or genres

4. topic identification

5. cast and character networks

6. linguistic patterns

7. vocabulary and lexical spread 



  

Literature: H.C.Andersen
1. find the most central human and animal protagonists in 

HCA texts!
– [sem=".*(?:^| )[AH][a-z]+(?: |$).*"]) 

within <s author="Andersen"/>
– sort by relative frequency (global or in-corpus)

<H>

<A>



  

H.C.Andersen works: human protagonists:
which & where?



  

H.C.Andersen works: animal protagonists:
which & where?



  

Non-domestic animals in Danish authors

H.C. Andersen, Anton(ius) Nielsen: birds <Aorn>
Carl Sørensen: fish <Aich>
Adam Oehlenschläger, Tom Kristensen, Poul Martin Møller, Hans Holten-Bechtolsheim: land 
animals <Azo>

Andersen

Kristensen

Sørensen

Nielsen

Oehlenschläger

Holten-
Bechtolsheim

Møller



  

Religion in Danish literature: time axis

● search: <jrel> / <Drel> adjectives
● less focus on religion over time
● lowest during modernism (“det moderne gennembrud” 1870-1890)
● ‘hellig’ (holy) replaced by ‘åndelig’ (spiritual) and the meta/topic adjective ‘religiøs’ (religious)

hellig

religiøs
åndelig



  

Religion in Danish literature: authors

● Latin & psalms: Christian Falster 1690-1752 & B.S. Ingemann 1789-1862: 
hellig > verdslig > ugudelig (Ingemann: syndig) 

● the philosopher: Ernesto Dalgas 1871-1899: hellig > religiøs > åndelig
● lyric reflection: Helge Rode 1870-1937: religiøs > åndelig (> hellig) 

Rode
religiøs > åndelig

Kai Flor
(højskole)
åndelig Ingemann

hellig > verdsligDalgas
hellig > religiøs

Kierkegaard
åndelig > religiøs



  

Flowers in Danish literature: the Romance
Search: Sem = <Bflo>, POS = N

● Romance period: flower power, often roses
● Modernism: fewer flowers

Kai Flor
(højskole)



  

Flowers in Danish literature: Authors
Search: Sem = <Bflo>, POS = N

● Most (generic) flowers: H.C. Andersen > Karin Michaëlis 
(> Chr. Molbeck > I.P. Jacobsen / Anton Nielsen)

● Over 50% roses: Adam Oehlenschläger > Chr. Winther / Sophus Claussen (> Henrik Scharling)

H.C.Andersen

Claussen
I.P. Jacobsen

Michaëlis

Nielsen
Molbech

Oehlenschläger

Winther



  

quantitative → qualitative inspection
Claussen → “rose” → concordance

● often metaphorical usage: kvinder = roser (women = roses), “roser til erotisk høje priser”
● colour (blood, cheeks, sunrise), scent (= body, fresh vs. decaying), human conn.: ung, kys



  

use of colour adjectives:
frequency (columns), lemma types (red), TTR (green), Guiraud (blue)

● whole corpus: 1253 different adjective lemmas, type/token ratio 0.0258
● Pontoppidan: 190 types, TTR=0.1670, Guiraud: 5.63

Kidde
357

0.1318
6.86

Jensen
69

0.1802
3.53

Kidde

Claussen
118

0.1575
4.31

Michaëlis
278

0.1560
6.58

Oehlenschläger
20

0.1770
1.88

Jacobsen
183

0.1339
4.95

Stuckenberg
109

0.0785
2.93

Pontoppidan
190

0.1670
5.63

Andersen
216

0.0350
2.75



  

Part 5: Gender studies

1. Corpora can identify and quantify gender stereotypes

2. Diachronic corpora can document changes over time

3. A literature corpus can provide a meta perspective on 
gender issues and a window into period-specific concepts 
of gender

4. Example: Profession & gender



  

Gender: women working (lit. corpus)
search: <fem> & <Hprof>



  

Gender: women working (lit. corpus)
search: <Hprof> without <fem> [first 50, higher frequency than <fem>]



  

Working 
women:

Power
& wealth

magtfuld

rigfattig

svag



  

Gender bias for professions: Information 1996-2008

rig

fattig

kvindemand



  

Gender bias for professions: Twitter 2017-2023
investorinvestor

soldat



  

linguistic clues to profession gender stereotypes: 
possessive pronouns



  

linguistic clues to gender stereotypes: pronoun subjects

(når en) lærer SUBJ> har FS-ADVL> fri, har hun  <SUBJ (fri)



  

Linguistic clues to profession gender stereotypes: 
pronoun subjects



  

women working: in-house or out-house

tjenestepige

sangerinde

lærerinde



  

Part 6: 

Sustainability

&
 

Corporate image profiling 



  

Quantitative corpus inspection: “økologi”
n-grams:

“økologisk” + N
relative frequency 
of correlates (N)

(in-corpus)

(new) compounds
<F:øko+.*>



  

øko-: inspection



  

Identifying mining companies in the corpus
[lex="mineradora" & pos="N"] [pos="PROP"]



  

Profiling through associated concepts: Samarco

Search:
[lex="Samarco" & 
pos="PROP"]

SQ: [pos="N"]

dam, mining, 
break, wast, mud, 
disaster, tragedy, 
government ...

project, region, crime, risk, 
agreement, life, billions, 
impact, residents, fine, 
population



Company image ranking with user-defined vector axes

 x-axis
 toxic (-) vs. macrobiotic (+)
 i.e. defined by individual word vectors

 y-axis
 sad/angry/skeptical emojis (-) vs. happy/love emojis (+)
 here: defined by vector bundles (averaged)

 scatter dot for company name CN computed as (x,y) with 
coordinates

 x=SIM(bæredygtig,CN) – SIM(forurening,CN)
 y=SIM(emo-happy.*,CN) – SIM(emo-angry.*;emo-sad.*,CN)



  

Green / sustainability image: DK, cars & oil

x: MINUS: forurening_N;toksisk_ADJ;giftig_ADJ;gift_N;sort_ADJ;fossil_ADJ;CO2_N
    PLUS:  miljø_N;vedvarende_ADJ;grøn_ADJ;bæredygtig_ADJ;klima_N 

y: MINUS: emo-angry-Pouting-Face_ADV --- PLUS: emo-happy_ADV



  

Sustainability image: Magnificent 7 / Tech – Oil companies



  

Mining companies: Impunity vs. Accountability



  

Part 7: Social brand profiling (gender & age)
<brand> PROP



  

Brand image: Cars
gender & age



  

Brand image: Mixed
gender & age



  

Brand image: Social Media
gender & age

yo
un

g
ol

d
ol

d

man; boywoman, girl



  

Conclusion 

1. Large corpora can be used not only for linguistic purposes, but also 
for a large variety of humanistic research goals relating to literary, 
cultural or social topics

2. Linguistic annotation (and a search interface exploiting it) make it 
possible to identify the nature and usage of
– the word clusters, notions and concepts involved
– possible stereotypes related to the area
– the association strength between concepts and perceived 

attributes

3. Qualitative inspection of large text collections is only possible in a 
meaningful way by first running a quantative analysis: statistics, co-
occurrences, visualisations ... 

4. Outlook
– prepare dedicated subcorpora por certain topics or periods
– establish a “monitor corpus” harvesting CMC data every day



  

parsers: edu.visl.dk (pt,en,de,da,es,fr,it,eo,sv,no,nl)

corpus search: corp.visl.dk (Corpus Eye)

email: eckhard.bick@gmail.com
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